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Fixed-Wing UAV Detection Based on Simulated Data Transfer Learning

Abstract

Abstract: Data play an important role in visual inspection tasks, but it is difficult to obtain a sufficient
amount of real fixed-wing UAV data. Therefore, a data set containing a large number of simulated fixed-
wing UAV data and a small number of real fixed-wing UAV data is constructed, and the real fixed-wing UAV
data are detected by training simulated fixed-wing UAV data based on the idea of weight transfer. On this
basis, a two-stage learning strategy is proposed to further reduce the missed detection rate of UAVs by
using multi-scale feature fusion.The simulation results show that simulated data can be used to detect
real fixed-wing UAVs, which has potential application prospects in future target detection research.
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Fig. 1 Simulated fixed-wing UAV data
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