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Adaptive Correction Tracking Algorithm Based on Detector and Locator Fusion

Abstract

Abstract: In order to avoid tracking failure caused by occlusion, rotation and other factors in complex
dynamic scenes, an adaptive correction tracking algorithm based on detector and locator fusion is
proposed. The locator trains a convolutional neural network (CNN) filter for location estimation by
extracting the deep features of target. The CNN filter adds two layers of shallow features to the three
layers of the convolution features of original CF2 algorithm, which enhances the extraction of target
texture information. The detector calculates the confidence score by extracting histogram of oriented
gradient(HOG) feature of target and combining the context information. The average peak-to-correlation
energy (APCE) and maximum response value of current frame are compared separately with the historical
average to comprehensively judge whether the tracking fails are due to occlusion and other factors. If the
tracking fails, combine the detector to relocate the target, otherwise estimate the scale of the target.
Update the model when the model has high confidence. The experimental results show that the distance
accuracy and overlap accuracy of the algorithm are good.
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dynamic scenes, an adaptive correction tracking algorithm based on detector and locator fusion is
proposed. The locator trains a convolutional neural network (CNN) filter for location estimation by
extracting the deep features of target. The CNN filter adds two layers of shallow features to the three
layers of the convolution features of original CF2 algorithm, which enhances the extraction of target
texture information. The detector calculates the confidence score by extracting histogram of oriented
gradient(HOG) feature of target and combining the context information. The average peak-to-correlation
energy (APCE) and maximum response value of current frame are compared separately with the
historical average to comprehensively judge whether the tracking fails are due to occlusion and other
factors. If the tracking fails, combine the detector to relocate the target, otherwise estimate the scale of
the target. Update the model when the model has high confidence. The experimental results show that the
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