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Knowledge Graph-based Process Knowledge Reasoning Method for Intelligent
Production System

Abstract

Abstract: Aiming at the disadvantages of high redundancy and weakness between knowledge and data in
intelligent production system, and the difficulty to perform knowledge reasoning, a process knowledge
reasoning method for knowledge maps is proposed. The input information is semantically labeled and
classified, the characteristics of the information match are extracted, the extracted local feature and
global feature are associated through graph convolution method, and the feature of the difference value
information is integrated and mapped with the constructed knowledge graph. Different reasoning rules
are used according to different reasoning types, and the association and topology information between
instances are deduced, and the properties and values of input information are generated. Compared with
the recommended system algorithm and fusion knowledge map, the algorithm has higher predictive rates
on Movielens-1M, Book-Crossing, Last.FM data set. The feasibility of the reasoning model is verified by
the process instance knowledge.
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