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Abstract

Abstract: In order to improve the prediction accuracy of the demand for emergency materials of people
affected by the disaster, a forecasting method based on metabolism-gray Markov's is proposed. To
realize the dynamic prediction of the number of people affected by the disaster, according to demand
forecast ideas, the prediction model of metabolism-gray Markov fused is constructed progressively
through gray, Markov and metabolism theories. A flexible demand forecasting model for emergency
supplies is built through safety stock theory to complete the balance of supply and demand between
people number and the materials demand. The prediction results of different models show that the
relative error of the proposed prediction model is 0.002 1% smaller better than other models, and the
prediction accuracy is significantly better than that of the gray model, in which the prediction of the
number of people affected by disasters and the demand for emergency supplies have a higher fit degree.
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Abstract: In order to improve the prediction accuracy of the demand for emergency materials of people
affected by the disaster, a forecasting method based on metabolism-gray Markov's is proposed. To realize
the dynamic prediction of the number of people affected by the disaster, according to demand forecast
ideas, the prediction model of metabolism-gray Markov fused is constructed progressively through gray,
Markov and metabolism theories. A4 flexible demand forecasting model for emergency supplies is built
through safety stock theory to complete the balance of supply and demand between people number and
the materials demand. The prediction results of different models show that the relative error of the
proposed prediction model is 0.002 1% smaller better than other models, and the prediction accuracy is
significantly better than that of the gray model, in which the prediction of the number of people affected
by disasters and the demand for emergency supplies have a higher fit degree.
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