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Abstract

Abstract: To achieve the optimal computation offloading strategy for two kinds of MEC users in 5G hybrid
private network, Stackelberg game is used to build the model of the competition for MEC server resources
of two kinds of users, andthe strategies of complete information game and partially incomplete
information game are researched respectively. It is proved that there is only one Nash equilibrium solution
in the complete information scenario. In the incomplete information scenario, the environment is modeled
as POMDR and a two-stage deep reinforcement learning(TSDRL) is proposed to obtain the optimal
computation offloading strategy. Simulation results show the proposed algorithm having a total reduction
of 20.81% time delay and 3.38 % energy consumption compared with the D-DRL algorithm and can
effectively improve the user QoE(quality of experience).
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