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Identification of Switching Operation Based on LSTM and MoE

Abstract

Abstract: Aiming at the individual differences of different personnel in the same operation and differences
of the same person in the same operation at different times, a switching operation recognition
model(MoE-LSTM) based on Mixture of experts model (MOE) and long short-term memory
network(LSTM) is proposed. Based on MoE, LSTM is integrated to learn the feature distribution of
different sources data. The acceleration data is collected to build the switching operation dataset and the
action sequence is segmented and aligned based on sliding window. The action sequence is input to
MoE-LSTM, and the temporal dependencies of different actions are independently learned by different
LSTMs. The gating network selects the output of LSTM that classifies the current input better as the
action recognition result. The result of model learning is that for action data from different time and
space, different LSTMs perform better in a certain feature area than other LSTMs. The experiments on the
switching operation dataset demonstrate superior performance of the proposed method compared to
other existing action recognition algorithms.
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Abstract: Aiming at the individual differences of different personnel in the same operation and
differences of the same person in the same operation at different times, a switching operation recognition
model(MoE-LSTM) based on Mixture of experts model (MOE) and long short-term memory network
(LSTM) is proposed. Based on MoE, LSTM is integrated to learn the feature distribution of different
sources data. The acceleration data is collected to build the switching operation dataset and the action
sequence is segmented and aligned based on sliding window. The action sequence is input to MoE-
LSTM, and the temporal dependencies of different actions are independently learned by different LSTMs.
The gating network selects the output of LSTM that classifies the current input better as the action
recognition result. The result of model learning is that for action data from different time and space,
different LSTMs perform better in a certain feature area than other LSTMs. The experiments on the
switching operation dataset demonstrate superior performance of the proposed method compared to other
existing action recognition algorithms.
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