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Abstract

Abstract: Due to many factors of aerial target threat assessment and the lack of self-learning ability of
current assessment methods, a deep neural network model for aerial target threat assessment is
established using deep learning theory. In order to improve the fitting effect of the model training, a
symmetric pre-training method is given. The hidden layers of the model are pre-trained layer by layer, and
finally the whole model is trained. Sample data and air to air simulation scene experiments are carried out
respectively. The experiments results show that the accuracy of the model using the symmetric pre-
training method is higher than the other three initialization methods. The accuracy of the model is more
than 90% without noise and more than 70% under 10% normal noise, which shows its better robustness.
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established using deep learning theory. In order to improve the fitting effect of the model training, a
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Fig. 1 Aerial target threat assessment factors
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