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Product Decisions in Presence of Social Learning and Reference Point Effect

Abstract

Abstract: In order to find out the source of VOCs(volatile organic compounds) emission and diffusion to
the target area, and prevent the target area from further pollution, this paper propose an analytical method
of VOCs hazard causes in related areas based on object function Petri net. The net structure describes
the relationship between the potential pollution sources and the target area, and the operation of the net
system reflects the change of VOCs hazard degree in the target area, and the calculation of hazard degree
is integrated into the operation of the Petri net system. Through the actual case study, the analytical
results show that the Petri net model is suitable for modeling and calculation of VOCs hazard analysis in
related areas.
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(1. School of Business Administration, South China University of Technology, Guangzhou 510640, China;
2. Department of Business Administration, Jinan University, Guangzhou 510632, China)

Abstract: Social learning is defined as the process that consumers use online reviews to fetch more
precise information about product quality. Consequently, consumers would be more likely to purchase the
product if the product quality learned was higher than their expectation, reference point effect named. 7o
understand the impact of this effect in social learning on a firm's product decisions, we built a multi-
agent model to solve the problem through simulation. According to the results, the reference point effect
has a negative influence on the firm. The firm has to higher the product quality and price and therefore
loses some profits. However, if the quantity of sales is taken into consideration, the firm can resort to low
product quality and price to boost the quantity of sales significantly at a low profit cost.

Keywords: social learning; reference point; product quality; product price decision; multi-agent based

modeling and simulation
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