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Design of Fatigue Driving Detection System Based on Cascaded Neural Network

Abstract

Abstract: An algorithm is proposed to greatly improves the face detection rate and ensures the accuracy
by adjusting the size of input images, expanding the minimum face size, and reducing the scaling ratio
between layers of the detection window. The detection efficiency of this algorithm is 18 times higher than
that of the original MTCNN. By building a new CNN structure model for the detection of eyes and mouths,
we can achieve network detection accuracy of 95.6%. The proposed network is cascaded with the original
MTCNN to continue classifying and locating the eyes and mouth in the formerly detected face area. The
false detection due to a single feature are improved through the setting of a comprehensive fatigue
detection function, and the detection accuracy can reach 95.7%.
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Abstract: An algorithm is proposed to greatly improves the face detection rate and ensures the accuracy
by adjusting the size of input images, expanding the minimum face size, and reducing the scaling ratio
between layers of the detection window. The detection efficiency of this algorithm is 18 times higher than
that of the original MTCNN. By building a new CNN structure model for the detection of eyes and
mouths, we can achieve network detection accuracy of 95.6%. The proposed network is cascaded with
the original MTCNN to continue classifying and locating the eyes and mouth in the formerly detected
face area. The false detection due to a single feature are improved through the setting of a comprehensive
fatigue detection function, and the detection accuracy can reach 95.7%.
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