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Abstract

Abstract: Aiming at the problems of collaborative modeling of formation behavior and intelligent
generation of decision-making in complex confrontation scenarios, based on the serious game to
simulate the confrontation scenarios of complex maritime equipment against the air, this paper proposes
a data-driven modeling method for game agent and uses a distributed modeling technology of parallel
adversarial scenarios and opportunistic decision making technology of smart targets to achieve agent
modeling. It provides support for the further exploration of multi-objective collaborative modeling in
complex confrontation scenarios. The simulation results show that deep reinforcement learning
algorithms can provide a basis for the modeling of agents dexterous strategies.
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Abstract: Aiming at the problems of collaborative modeling of formation behavior and intelligent
generation of decision-making in complex confrontation scenarios, based on the serious game to simulate
the confrontation scenarios of complex maritime equipment against the air, this paper proposes a
data-driven modeling method for game agent and uses a distributed modeling technology of parallel
adversarial scenarios and opportunistic decision making technology of smart targets to achieve agent
modeling. It provides support for the further exploration of multi-objective collaborative modeling in
complex confrontation scenarios. The simulation results show that deep reinforcement learning algorithms
can provide a basis for the modeling of agents dexterous strategies.
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