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Research of Super-resolution Processing of Invoice Image Based on Generative
Adversarial Network

Abstract

Abstract: Automatic identification of invoices can effectively improve financial efficiency. But low-
resolution invoice image reduces the accuracy of automatic identification, an ESRGAN (Encoder Super-
resolution Generative Adversarial Network) network for super-resolution processing of invoice images is
proposed. The ESRGAN network is based on a conditional generative adversarial network. An auxiliary
encoder is designed to guide the network to generate a more realistic super-resolution image. Based on
the actual invoice image, the ESRGAN network and the conventional image processing, SRCNN (Super-
resolution Convolutional Neural Networks) network and SRGAN (Super-resolution Generative Adversarial
Network) network. The model is evaluated through two evaluation indicators of peak signal-to-noise ratio
(PSNR) and structural similarity (SSIM). The experimental results show that the images processed based
on ESRGAN super-resolution are better on visual effects and evaluation indicators.
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low-resolution invoice image reduces the accuracy of automatic identification, an ESRGAN (Encoder
Super-resolution Generative Adversarial Network) network for super-resolution processing of invoice
images is proposed. The ESRGAN network is based on a conditional generative adversarial network. An
auxiliary encoder is designed to guide the network to generate a more realistic super-resolution image.
Based on the actual invoice image, the ESRGAN network and the conventional image processing, SRCNN
(Super-resolution Convolutional Neural Networks) network and SRGAN (Super-resolution Generative
Adversarial Network) network. The model is evaluated through two evaluation indicators of peak
signal-to-noise ratio (PSNR) and structural similarity (SSIM). The experimental results show that the
images processed based on ESRGAN super-resolution are better on visual effects and evaluation
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SRCNN 336513  0.8655
SRGAN 343268  0.9089
ESRGAN 350002 09458

3 it
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T RARI 22 0 455 (18 27 A58 SRCNINL T4 i
KT PN L8 (7 7 HE R A8 SRGAN, LA K s 4% F
A LN 2% cGAN FO I KR s, B —Fh
SE B PR A ESRGAN,  FE 514 Bhgm b
a5, HTX AT EGEHT gt A B, 45 AHITAC Y
IS e 22 IRMGOR 3 20 7% 5 UG I 45 3] 1) 4 i 2 9
T, ANFHUCTC IS 73 7% 22 UG RN 5 3 P e UG
19 B 1) g A5 EE B Bz, K19 BN gD A 5] 5 %A
T 51 54 A BT 4 48 il o PR g . 5T
ThrR E G, R LR P b B L, A
L MEFGfH+Sobel 57+ XUk 3+t 1 30
F. SRCNN M%%. SRGAN W% FIA AT Hi
ESRGAN W%, HiAT RGBS P abrE, %
) U {1 Mt b (PSNR) I 45 #4) 41 8L P (SSIM)2. AN
WP ATV o S50 45 R B 2T ESRGAN
8 53 3 2 A B 11 AR TG 1 R TE AL B 1 I 2 TE VPR
fabr b, BEARIFHR.
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