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Abstract

Abstract: A novel deep neural network named CNN+CA(Convolutional Neural Network plus Context
Attention) model is constructed and a new recognition algorithm based on sequence matching is
presented to improve the recognition accuracy of MVHAR (Multi-view Human Action Recognition). A
CNN(Convolutional Neural Network) is designed to automatically learn multi-view fusion features; the CA
(Context Attention) module is introduced to selectively focus on the parts of the features that are relevant
for the recognition task; the proposed recognition algorithm based on sequence matching is used to
realize MVHAR. The experimental results on the IXMAS dataset and the i3DPost dataset demonstrate
that the recognition accuracy of the proposed method is higher than those of the state-of-the-art MVHAR
methods.
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Fig. 1 Structure of CNN+CA model
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