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Abstract

Abstract: While positive information is spreading in social networks, there is still a large amount of
negative information spreading in the network. Aiming at the fact that there is few researches on
suppressing the spread of negative information, a negative influence minimization algorithm for social
networks is proposed. When negative information appears in social networks and some initial nodes are
infected, the behavior of nodes propagating information depends on its coordination game with neighbor
nodes. The objective function with minimal influence is used to find the K optimal blocking nodes, and
finally the size of the final infected node is minimized by blocking K uninfected nodes. The experimental
results show that the proposed algorithm can better suppress the negative influence diffusion than the
three benchmark algorithms.
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