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Abstract

Abstract: The dynamic job shop has the uncertainty of resource state and the randomness of tasks,so it
is difficult to find the common dispatching rules applicable to a variety of complex production scenarios.A
method for automatic discovery of dynamic shop dispatching rules based on Hyper-Heuristic genetic
programming is proposed,with makespan and average weighted tardiness as the optimization goals,is
improved by using the automatic discovery of machine sequencing rules and the dynamic adaptability of
workshop scheduling under different production scenarios. Through the semantic analysis of dispatching
rules,the function of terminators on different optimization objectives is analyzed.The experiment result
shows that the proposed algorithm can effectively generate appropriate dispatching rules which is
obviously better than the manual designed benchmark rules for different production scenarios.
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difficult to find the common dispatching rules applicable to a variety of complex production scenarios. 4
method for automatic discovery of dynamic shop dispatching rules based on Hyper-Heuristic genetic
programming is proposed, with makespan and average weighted tardiness as the optimization goals, is
improved by using the automatic discovery of machine sequencing rules and the dynamic adaptability of
workshop scheduling under different production scenarios. Through the semantic analysis of dispatching
rules, the function of terminators on different optimization objectives is analyzed. The experiment result
shows that the proposed algorithm can effectively generate appropriate dispatching rules which is
obviously better than the manual designed benchmark rules for different production scenarios.
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