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data mining and knowledge discovery is established. Through scheduling data preprocessing and C4.5
decision tree learning algorithm, the discovery of scheduling knowledge is realized. Energy efficiency
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and improved differential evolution algorithm (IDE). By comparing with TLBO, GA and PSO, the feasibility
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Abstract: This paper addresses the optimization of energy consumption in discrete workshops and
establishes the energy efficiency optimization model of discrete workshops. The relationship between data
mining and knowledge discovery is established. Through scheduling data preprocessing and C4.5
decision tree learning algorithm, the discovery of scheduling knowledge is realized. Energy efficiency
optimization calculation is achieved in discrete workshops by the combination of scheduling knowledge
and improved differential evolution algorithm (IDE). By comparing with TLBO, GA and PSO, the
feasibility of IDE algorithm is verified.
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Tab. 5 Comparison of running results of 4 algorithms

B HAUE/AW h YMEAW-h  IEATINE/s
PSO 167.09 183.89 9.44
GA 166.85 175.51 9.84

TLBO 163.94 176.70 11.90
IDE 157.59 171.96 10.04

K 8 Jy IDE, TLBO, GA 1 PSO JUFh%&iEi%
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