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Abstract

Abstract: Spare parts classification is important for spare parts storage and is a key part of spare parts
decision-making activities. This paper analyzes the factors affecting the reserve scheme of wartime
spares. Then by analyzing the inherent attributes of wartime spares, two methods of spare parts
classification are proposed to determine the variety and quantity of wartime spares based on deep neural
network: (1) Ranks wartime spares according to their importance. A relatively simple deep neural network
is used to analyze every attribute of the wartime spares in turn; (2) Inputs all the attributes of wartime
spares into a relatively complex deep neural network to make the decision. The experimental results show
the advantages of the two methods in terms of efficiency and accuracy for formulating the reserve
scheme of wartime spares.
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Abstract: Spare parts classification is important for spare parts storage and is a key part of spare parts
decision-making activities. This paper analyzes the factors affecting the reserve scheme of wartime spares.
Then by analyzing the inherent attributes of wartime spares, two methods of spare parts classification are
proposed to determine the variety and quantity of wartime spares based on deep neural network: (1) Ranks
wartime spares according to their importance. A relatively simple deep neural network is used to analyze
every attribute of the wartime spares in turn; (2) Inputs all the attributes of wartime spares into a relatively
complex deep neural network to make the decision. The experimental results show the advantages of the two
methods in terms of efficiency and accuracy for formulating the reserve scheme of wartime spares.
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Fig. 1 Decomposition of influencing factor of spare parts classification
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