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Abstract

Abstract: For some time-varying industrial processes with non-Gaussian properties, the model
established by the general soft-sensing method is difficult to meet the accuracy requirement. To solve the
above problems effectively, a JITL soft sensor modeling method (BGMM) is proposed based on Bayesian
Gaussian Mixture Model. For the given training sample set, the number of components of the Gaussian
mixture model is optimized by Bayesian Information Criterion (BIC); For new test samples, Gaussian
Process Regression (GPR) model is established by using the BGMM similarity criterion for the training
samples to find out the most similar set;The model is used to predict the test samples. The effectiveness
of the proposed method is verified by modeling and simulating the concentration of butane at the butane
tower bottom .
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Abstract: For some time-varying industrial processes with non-Gaussian properties, the model established
by the general soft-sensing method is difficult to meet the accuracy requirement. To solve the above
problems effectively, a JITL soft sensor modeling method (BGMM) is proposed based on Bayesian Gaussian
Mixture Model. For the given training sample set, the number of components of the Gaussian mixture model
is optimized by Bayesian Information Criterion (BIC); For new test samples, Gaussian Process Regression
(GPR) model is established by using the BGMM similarity criterion for the training samples to find out the
most similar set; The model is used to predict the test samples. The effectiveness of the proposed method is
verified by modeling and simulating the concentration of butane at the butane tower bottom .
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