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Abstract

Abstract: This paper proposes a locally weighted learning control law for a manipulator with state and
input constraints and modeling uncertainties. By visualizing the control input as an extended state, the
control problem is converted into control design for a state-constraint uncertain nonlinear system. Barrier
Lyapunov functions are introduced into a backstepping procedure and a locally weighted learning control
is designed, which ensures the exponential convergence of the barrier functions to a small neighborhood
of zero and then guarantees satisfaction of system constraints and the tracking error convergence. The
control feasibility and effectiveness is validated by theoretical analysis and simulation results.
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input constraints and modeling uncertainties. By visualizing the control input as an extended state, the
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