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Abstract

Abstract: The performance of cloud job scheduling algorithm has a great importance to the whole cloud
system. The key factors that affect cloud operation scheduling are found out, and a resource constraint
model is established. The existing simulation plant growth algorithm is improved based on the Logistic
model of plant growth law, so that the plant growth way was made to change according to the energy
power. The comparison of four different plant models was carried out and their different features were
analyzed. Compared with 6 typical cloud job scheduling algorithms, it is concluded that the improved
simulation plant growth algorithm based on Logistic model has better job scheduling efficiency.
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Abstract: The performance of cloud job scheduling algorithm has a great importance to the whole cloud
system. The key factors that affect cloud operation scheduling are found out, and a resource constraint
model is established. The existing simulation plant growth algorithm is improved based on the Logistic
model of plant growth law, so that the plant growth way was made to change according to the energy
power. The comparison of four different plant models was carried out and their different features were
analyzed. Compared with 6 typical cloud job scheduling algorithms, it is concluded that the improved
simulation plant growth algorithm based on Logistic model has better job scheduling efficiency.
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