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Neural Coding Model for Fast and Significant Perceptual in the Pigeon Optic
Tectum

Abstract

Abstract: In the classical target recognition theory, many neurons in the mammalian retina and LGN
perform DoG operations. Their functions are generally considered to be whitening, eliminating
redundancy, and enhancing edges. Where is the redundant information? In this paper, the
electrophysiological study of the ON-OFF neurons of the dove optic roof was performed. It was found that
the FSL was used to carry out the rough and fast transfer of the whole scene information, and then the
salient features in the scene were successively transmitted using the issue rate. For this reason, by
analyzing the response pattern of neurons, this paper proposes an assumption of the ON-OFF neuron
working mechanism of OT (Optic Tectum) and builds a model architecture. This research has certain
reference significance for the research of the new Spike neural network.
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Abstract: In the classical target recognition theory, many neurons in the mammalian retina and LGN
perform DoG operations. Their functions are generally considered to be whitening, eliminating
redundancy, and enhancing edges. Where is the redundant information? In this paper, the
electrophysiological study of the ON-OFF neurons of the dove optic roof was performed. It was found that
the FSL was used to carry out the rough and fast transfer of the whole scene information, and then the
salient features in the scene were successively transmitted using the issue rate. For this reason, by
analyzing the response pattern of neurons, this paper proposes an assumption of the ON-OFF neuron
working mechanism of OT (Optic Tectum) and builds a model architecture. This research has certain
reference significance for the research of the new Spike neural network.
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