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Abstract: Recognizing human actions according to video features is an important research topic in a wide
scope of applications. In this paper, we propose a robust human motion detection method that combines
canny operator with the combination of local and global optic flow methods. Meanwhile, this paper
presents a simple but efficient action recognition algorithm using fusion visual features. The mixed
features fuse two action descriptors, namely centre distance-based space time interest point and
curvature function-based Fourier descriptors. The frame-based human action classifier is developed
using random forests algorithm. Experimental results show that the proposed method is accurate,
efficient and robust compared with other supervised action recognition algorithms.
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Abstract: Recognizing human actions according to video features is an important research topic in a wide
scope of applications. In this paper, we propose a robust human motion detection method that combines
canny operator with the combination of local and global optic flow methods. Meanwhile, this paper
presents a simple but efficient action recognition algorithm using fusion visual features. The mixed
features fuse two action descriptors, namely centre distance-based space time interest point and curvature
function-based Fourier descriptors. The frame-based human action classifier is developed using random
forests algorithm. Experimental results show that the proposed method is accurate, efficient and robust
compared with other supervised action recognition algorithms.
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