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Abstract: Because of the complexity and non-rigidity of human actions, traditional human action
recognition based on RGB video data is a very challenging research topic. According to some deficiencies
of existing recognition method based on RGB video data, a novel human action recognition method is
proposed based on depth image data. In this new method, the block mean feature in the depth difference
motion historical image is fused with the Gabor feature as mixed features and then a rotation forest
algorithm is used to model. The experimental results show that the proposed method is simple, fast and
efficient compared with other supervised action recognition algorithms on DHA depth datasets.
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Abstract: Because of the complexity and non-rigidity of human actions, traditional human action
recognition based on RGB video data is a very challenging research topic. According to some deficiencies
of existing recognition method based on RGB video data, a novel human action recognition method is
proposed based on depth image data. In this new method, the block mean feature in the depth difference
motion historical image is fused with the Gabor feature as mixed features and then a rotation forest
algorithm is used to model. The experimental results show that the proposed method is simple, fast and
efficient compared with other supervised action recognition algorithms on DHA depth datasets.
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Fig. 8 Confusion matrix results using mixed features
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Tab. 1 Recognition accuracy using single feature and mixed features
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Tab. 2 Comparison between our proposed method and other methods %
ACTE S ik RF KNN Boosting Bagging SVM ANNs

Flusion 97 91 94 92 96 91

DHA dataset BMF 83 80 80 79 80 80

GF 85 81 81 80 80 74

Avg. 88 84 85 83 85 82
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