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A deep spatio-temporal RNNs based coordinated operational action recognition

Abstract

Abstract: To address the issues of large feature space, numerous model parameters and slow training
speed in coordinated operation action recognition, a coordinated operational action recognition method
based on a deep spatio-temporal recurrent neural network is proposed. In this method, a warped region
generation mechanism is introduced to divide the whole battlefield into sub-battlefield. Meanwhile, a
hierarchical recurrent neural network is constructed using spatio-temporal graph model, which is applied
to the generated sub-battlefield to recognize coordinated operational action. Additionally, the recognized
coordinated operational actions of sub-battlefields are merged to find out all coordinated operational
actions based on the principle of transitivity of coordinated operational actions in local battlefield.
Experiment results suggest that the proposed method possesses higher accuracy.
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Abstract: To address the issues of large feature space, numerous model parameters and slow training
speed in coordinated operation action recognition, a coordinated operational action recognition method
based on a deep spatio-temporal recurrent neural network is proposed. In this method, a warped region
generation mechanism is introduced to divide the whole battlefield into sub-battlefield. Meanwhile, a
hierarchical recurrent neural network is constructed using spatio-temporal graph model, which is applied
to the generated sub-battlefield to recognize coordinated operational action. Additionally, the recognized
coordinated operational actions of sub-battlefields are merged to find out all coordinated operational
actions based on the principle of transitivity of coordinated operational actions in local battlefield.
Experiment results suggest that the proposed method possesses higher accuracy.
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action recognition %
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