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Abstract

Abstract: Spatial data has the characteristic of extensity, timeliness, multidimensional, large amount of
data and complex relations. Some non-conventional data screening tool for analysis and mining is
required to find out the patterns, rules and characteristics knowledge in the spatial big data for battlefield
situation awareness and battle space management. In view that the existing Apriori algorithm scans the
database too frequently, the Apriori algorithm is improved on the basis of working principle of Map
Reduce .The fast analysis ideas and technologyframework of spatial data is proposed. An elementary
validate prototype is built for the key technology experimentation.Experimental results show that, the
technical route and framework can improve the speed of massive spatial data analysis and processing.
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