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Abstract

Abstract: The ex-post disposition of a major incident, which is expected to transform into prediction and
precaution of abnormal behavior, is increasingly unable to meet the urgent needs of the society.Therapid
development and popularization of sensor network and positioning technology lay the foundation for
mining spatial-temporal trajectory data. With the key objective of prediction and precaution of abnormal
trajectory based on big data mining, the future research directions and prospects on trajectory clustering
and recognitionareanalyzed, discussed and elaboratedinthis paper. Temporal trajectory prediction applied
in prediction and precaution of abnormal spatial-temporal trajectory is also presented, providing a
reference for further research on this field.
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Abstract:The ex-post disposition of a major incident, which is expected to transform into prediction and
precaution of abnormal behavior, is increasingly unable to meet the urgent needs of the society.Therapid
development and popularization of sensor network and positioning technology lay the foundation for
mining spatial-temporal trajectory data. With the key objective of prediction and precaution of abnormal
trajectory based on big data mining, the future research directions and prospects on trajectory clustering
and recognitionareanalyzed, discussed and elaboratedinthis paper.Temporal trajectory prediction applied
in prediction and precaution of abnormal spatial-temporal trajectory is also presented, providing a
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