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Action Recognition by Improved Dense Trajectories

Abstract

Abstract: In recent years, with strong robustness to fast irregular motion, the method of human motion
representation based on dense trajectories has been used more and more in the field of behavior
recognition. However, the relative motion of the background caused by the motion of the camera has a
great influence on the extraction of the trajectories. In order to estimate the camera motion, the speed up
robust feature (SURF) descriptor was used to match the feature points of each frame. Since the human
motion and the camera motion were not same, human detection was added to remove inconsistent
matches. Finally, multi instance learning (MIL) was used to classify and recognize the behavior.
Experiment results demonstrate the effectiveness of the approach on the UT-interaction dataset.
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Abstract: In recent years, with strong robustness to fast irregular motion, the method of human motion
representation based on dense trajectories has been used more and more in the field of behavior
recognition. However, the relative motion of the background caused by the motion of the camera has a
great influence on the extraction of the trajectories. In order to estimate the camera motion, the speed up
robust feature (SURF) descriptor was used to match the feature points of each frame. Since the human
motion and the camera motion were not same, human detection was added to remove inconsistent matches.
Finally, multi instance learning (MIL) was used to classify and recognize the behavior. Experiment results
demonstrate the effectiveness of the approach on the UT-interaction dataset.
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