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Double Bare Bones Particle Swarm Algorithm for Solving Flexible Job-shop
Scheduling Problem

Abstract

Abstract: To solve flexible job shop scheduling problem, a double bare bones particle swarm algorithm
(DBBPSO) was proposed to minimize the makespan. Combining Von-neumann bare bones particle swarm
optimization algorithm and chaotic mutation bare bones particle swarm optimization algorithm, the
algorithm DBBPSO used a communication method to cooperate evolution. This approach could keep
balance between global exploration and local exploration, and a machine selection method was proposed
based on the tenet of minimizing makespan. The proposed algorithm was compared with other
algorithms on four benchmark problems and a scheduling optimization example. Simulation results
indicate that the improved algorithm has the ability to obtain the optimal solution, and it is more suitable
for solving the scheduling problem.
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Abstract: To solve flexible job shop scheduling problem, a double bare bones particle swarm algorithm
(DBBPSQ) was proposed to minimize the makespan. Combining Von-neumann bare bones particle
swarm optimization algorithm and chaotic mutation bare bones particle swarm optimization algorithm, the
algorithm DBBPSO used a communication method to cooperate evolution. This approach could keep
balance between global exploration and local exploration, and a machine selection method was proposed
based on the tenet of minimizing makespan. The proposed algorithm was compared with other algorithms
on four benchmark problems and a scheduling optimization example. Simulation results indicate that the
improved algorithm has the ability to obtain the optimal solution, and it is more suitable for solving the
scheduling problem.
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