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Abstract

Abstract: Motion object feature extraction is the basis of motion object classification. Traditionally motion
object classification mainly depends on single feature extraction which is sensitive to the aspects like
motion object detection area, angle, scale and noise disturbance, thus decreases the classification
efficiency. To solve these problems and improve the robustness of the algorithms, a motion object feature
extraction method based on multi-feature fusion was proposed. In this method, width height ratio feature,
rotation invariant uniform local binary pattern feature and SIFT feature were considered, and by fusing
them into the SVM and KNN classifier, motion object classification was carried out. Experiments prove
that the motion object feature extraction method can greatly improve the average classification precision.
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Abstract: Motion object feature extraction is the basis of motion object classification. Traditionally
motion object classification mainly depends on single feature extraction which is sensitive to the aspects
like motion object detection area, angle, scale and noise disturbance, thus decreases the classification
efficiency. To solve these problems and improve the robustness of the algorithms, a motion object feature
extraction method based on multi-feature fusion was proposed. In this method, width height ratio feature,
rotation invariant uniform local binary pattern feature and SIFT feature were considered, and by fusing
them into the SVM and KNN classifier, motion object classification was carried out. EXperiments prove
that the motion object feature extraction method can greatly improve the average classification precision.
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Tab. 1 Experiments on single feature extraction of object %
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BAE SVM SVM SVM KNN KNN
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Whr * * * * *
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Whr 72 765 775 585 62
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