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Memory Principles-based Interpersonal Relationship Optimization

Abstract

Abstract: In order to solve the complicated function optimization problems, a new optimization algorithm
was constructed based on the memory principles (MP) and interpersonal relationship (IR), namely
memory principles-based interpersonal relationship optimization (MP-IRO). There are five object types in
interpersonal relationship system, including lovers, friends, enemies, villains and strangers which
successively correspond to loving, gathering, attacking, rejecting, defending instincts and five operators;
the loving operator gives preference to individuals which memory type is long memory(LM) and shares CP
with other individuals; the gathering operator could make individuals avert local optima; the attacking
operator enables an individual's vitality to increase; the rejecting operator can be far from instantaneous
memory to expand the search coverage; the defending operator increases the randomness. Results show
that the algorithm has characteristics of strong search capability and high adaptability for the
complicated function optimization problems.
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Abstract: In order to solve the complicated function optimization problems, a new optimization algorithm
was constructed based on the memory principles (MP) and interpersonal relationship (IR), namely memory
principles-based interpersonal relationship optimization (MP-IRO). There are five object types in
interpersonal relationship system, including lovers, friends, enemies, villains and strangers which
successively correspond to loving, gathering, attacking, rejecting, defending instincts and five operators; the
loving operator gives preference to individuals which memory type is long memory(LM) and shares CP with
other individuals; the gathering operator could make individuals avert local optima; the attacking operator
enables an individual’s vitality to increase; the rejecting operator can be far from instantaneous memory to
expand the search coverage; the defending operator increases the randomness. Results show that the algorithm
has characteristics of strong search capability and high adaptability for the complicated function optimization
problems.
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Tab. 6 Scores of MP-IRO and the 8 comparison algorithm

HEE% MP-IRO BEX-PM ABC DE SADE SACS

f,(X) 6 1 2 4
f(X)
f(X)
f,(X)
fs(X)
fs(X)
f(X)
fo(X)
fo(X)
flO(X)
fll(x)
f.(X)
fa(X)
fu(X)
By 68 21 47 46 52 60
PH)4r 4857 1500  3.357 3.286 3.714 4.286
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