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Abstract

Abstract: It is challenging to solve multi-objective optimization problems with getting high-quality Pareto
fronts accurately. The multi-objective Cuckoo Search algorithm (MOCS) was designed by firstly applying
the recently developed Cuckoo Search Algorithm (CS) in solving Multi-objective optimization problems,
and the fitness function based Pareto definiteness was improved, and the Gradual archive reduction
method based on niche technology was proposed to improve the Archive solutions quality. The simulation
test results and related performance indicators of nine test problems show that, MOCS algorithm is
obviously improved in the aspect of the convergence, the diversity and the uniformity compared with the
classic NSGA-II algorithm.
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Abstract: Tt is challenging to solve multi-objective optimization problems with getting high-quality
Pareto fronts accurately. The multi-objective Cuckoo Search algorithm (MOCS) was designed by firstly
applying the recently developed Cuckoo Search Algorithm (CS) in solving Multi-objective optimization
problems, and the fitness function based Pareto definiteness was improved, and the Gradual archive
reduction method based on niche technology was proposed to improve the Archive solutions quality. The
simulation test results and related performance indicators of nine test problems show that, MOCS
algorithm is obviously improved in the aspect of the convergence, the diversity and the uniformity
compared with the classic NSGA-II algorithm.
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