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Imitative Generation of Optimal Guidance Law Based on Reinforcement Learning

Abstract

Abstract: Under the background of high-speed maneuvering target interception, an optimal guidance law
generation method for head-on interception independent of target acceleration estimation is proposed
based on deep reinforcement learning. In addition, its effectiveness is verified through simulation
experiments. As the simulation results suggest, the proposed method successfully achieves head-on
interception of high-speed maneuvering targets in 3D space and largely reduces the requirement for
target estimation with strong uncertainty, and it is more applicable than the optimal control method.
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Fig. 1 Framework of imitative generation method of optimal
guidance law based on deep reinforcement learning
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