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Research and Development of Simulation Training Platform for Multi-agent
Collaborative Decision-making

Abstract

Abstract: Reinforcement learning simulation platform can be an interactive and training environment for
reinforcement learning. In order to make the simulation platform compatible with the multi-agent
reinforcement learning algorithms and meet the needs of simulation in military field, the similar
processes in multi-agent reinforcement learning algorithms are refined and a unified interface is designed
to embed and verify different types of deep reinforcement learning algorithms on the simulation platform
and to optimize the back-end service of the simulation platform to accelerate the training process of the
algorithm model. The experimental results show that, by unifing the interface, the simulation platform can
be compatible with many different types of multi-agent reinforcement learning algorithms, and the
algorithm training efficiency can be significantly improved after the back-end service framework
reconstruction and parameter quantization.
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Fig. 1 Overall framework of simulation platform
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