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Tri-training Algorithm Based on Density Peaks Clustering

Abstract

Abstract: Tri-training can effectively improve the generalization ability of classifiers by using unlabeled
data for classification, but it is prone to mislabeling unlabeled data, thus forming training noise. Tritraining
(Tri-training with density peaks clustering, DPC-TT) algorithm based on density peaks clustering is
proposed. The DPC-TT algorithm uses the density peaks clustering algorithm to obtain the class cluster
centers and local densities of the training data, and the samples within the truncation distance of the
class cluster centers are identified as the samples with better spatial structure, and these samples are
labeled as the core data, and the classifier is updated with the core data, which can reduce the training
noise during the iteration to improve the performance of the classifier. The experimental results show that
the DPC-TT algorithm has better classification performance compared with the standard Tri-training
algorithm and its improvement algorithm.
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R=Nypp/(Npp+Npy) (13)
P=Npp/(Npp+Ngp) (14)
F,=(2xPxR)/(P+R) (15)
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